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What we beleive in

Source: iF Returns (2025)

RETURNS ARE NOT A PROBLEM 

– THEY ARE DATA GOLDMINES



Clients spend 40% more time in post-purchase and interact with >6 stakeholders

Post-purchase complexity

Source: iF Returns (2025);

PRE-PURCHASE POST-PURCHASE

1. Category Browsing / Search

2. Product Listing Page (PLP)

3. Reviews & Ratings

4. Chatbot / Live Chat

5. FAQs or Help Center

6. Cart page

7. Checkout Page

1. Order Confirmation Page / email

2. Order Tracking Page

3. Shipping Notifications

4. Post-Purchase Survey or Review Prompt

5. Loyalty / Referral Program

6. Return Initiation Page/Form

7. Drop-off / Pick-up Logistics

8. Return Tracking and label

9. Refund

10. Customer Support Chat/Call

3 stakeholders 15 min 6 stakeholders 25 min



eCommerce returns have an increasingly negative 
impact on the P&L of retailers

The returns problem

Source: iF Returns (2024)

20%

of all e-commerce 
sales are refunded

€1T

in lost revenues each 
year 

+15%

projected growth in 
eCommerce returns 

in 2025 

With returns and lost revenues still growing double digits in Europe and America, 
returns increasingly become a problem for the industry.



The cost impact of returns entails marketing, operational and product losses, affecting 
product categories differently

The returns problem

Source: iF Returns (2024)
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5 key use cases to exploit data in returns management

AI in returns

Source: iF Returns (2025);

Sizing 

recommendations to

REDUCE RETURNS

Contextual discovery to

INCREASE CROSS-

SELLING

Dynamic return 

policies to

REDUCE ABUSE 

AND FRAUD
1 2 3

Proactive CS to

REDUCE LOGISTIC 

ISSUES

Agent to

SPOT TRENDS4 5



Sizing and product like account for >80% of declared return reasons

Source: iF Returns (2025)

PERCENTAGE OF RETURN REASONS FREQUENCY FOR GENERAL APPAREL AND LUXURY BRANDS (%)

Key takeaway

Size exchange and size recommendations are key levers to reduce refunds and returns. It is key to analyze stock availability and the size 
curve/distribution to ensure clients can access the exchange of goods 

Other (OTIF, Price…)

39%

Defect

1%

Like

1%

Bracketing

45%

55%

Size

28%

10%

14%

5%
2%

+22%

-28%

-60%

General Luxury

Return reasons expose purchasing behavior 
differences for the luxury category. While 
sizing is still dominant (c.55%) client 
behavior shows that clients tend to be 
more exigent with OTIF (4.p.p more than 
fashion) and product quality is 28% less 
frequent. Also bracketing is 60% less 
frequent than in general fashion, which is in 
line with a more thoughtful purchasing 
process by the client and the price point of 
the goods and highlights how clients in 
general apparel make use of promotional 
campaigns, BNPL and lower price points to 
bracket purchases

Sizing 

recommendations to

REDUCE RETURNS1 AI in returns



RETURN REASONS STATISTICS

Statistics are not fully reliable

Source: iF Returns (2025)

Sizing 

recommendations to

REDUCE RETURNS1

COMMON ISSUES WITH RETURN REASON ANALYSIS

• Client declares the first comment without looking

• Vague comments

• Not able to gather data instore or preprinted returns

• Limited return reason options

• Lack of categorization or granularity

• Poor integration in reporting

• No text analysis

AI in returns



Source: iF Returns (2024);

Unstructured data is a key source of insights

UNSTRUCTURED DATA ANALYTICS FROM CLIENT FEEDBACK
2024 Benchmark results fashion and luxury

27%
Return reason
comments

43%
NPS Return
request 
comments

• Clients leave product, policies, 
price, experience and process
feedback

• Feedback is used to improve
producto feeds and processes

AI in returns



RETURN REASONS STATISTICS COMMENTS AFTER NLP (EXAMPLES)

Combining statistics with NLP creates a clear vision of return drivers

Source: iF Returns (2025)

1. ”Inconsistent sizing”

Insight: Shoppers are frustrated by unpredictable fits across sizes and styles, especially 

when size charts don’t match real-life products.

Comments:

•“I ordered the same jeans in two colors—one fits perfectly, the other I can’t even button.”

•“I followed the size chart exactly, and the dress was still way too tight around the bust.”

•“I usually wear a medium, but this ‘medium’ looked like an XL on me.”

Sizing 

recommendations to

REDUCE RETURNS1

2. ”Poor product representation”

Insight: Customers often return items because the real-life product doesn't match images 

or descriptions—materials, colors, or fit feel misleading.

Comments:

•“This blouse looked silky online but arrived as a stiff, scratchy material.”

•“The color of the jacket is completely different—it’s way more orange than the soft tan in the 

photos.”

•“The dress seemed structured in the photos but fits like a loose t-shirt in real life.”

5. ”Wear and tear mistaken for defects”

Insight: Some customers return used items citing “defects” after weeks of use, which 

burdens support and inventory.

Comments:

•“The seams started coming apart after two washes—clearly poor quality.”

•“Shoes scuffed way too easily. Are these even real leather?”

•“It’s unraveling at the hem... I’ve only worn it five times.”

AI in returns



Automatically recommend size fitting to reduce returns before they occur

Product Impact

Source: iF Returns (2024)

Size recommendations

5-8% Reduction in returns Optimization
Improved product insights to optimize 
manufacturing/vendors, recommendations and 
refund reduction strategies

Sizing 

recommendations to

REDUCE RETURNS1



Our needs and like are more sensitive to our current context than to our history

AI in returns

Source: iF Returns (2025);

Contextual discovery to

INCREASE CROSS-

SELLING2

HISTORICAL

VS

CONTEXTUAL



Contextual questions improve cross-selling performance by 15p.p.

AI in returns

Source: iF Returns (2025);

Product discovery to

INCREASE CROSS-

SELLING2

I’m returning a dress and I still need to find one 

for the wedding of my friend…

TRADITIONAL DISCOVERY



Contextual questions improve cross-selling performance by 15p.p.

AI in returns

Source: iF Returns (2025);

Product discovery to

INCREASE CROSS-

SELLING2

I’m returning a dress and I still need to find one 

for the wedding of my friend…

BUT

When is the wedding happening?

Is it a night or day wedding?

What style do you like?

Is the dress code strict?

In which city is the wedding?

Do you want to avoid something?

CONTEXT BASED DISCOVERY



BRAND A BRAND B

Source: iF Returns (2024);

Refund reduction reaches values >50% with AI contextual cross-selling

REFUND REDUCTION TREND (%)
LAST 28 MONTHS Benchmark results fashion and luxury
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1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24 25 26 27 28

Brand A Brand B Linear (Brand A) Linear (Brand B)

48% 52%

Peak refund 
reductions

Peak refund 
reductions

Smart sizing 

recommendations

Contextual

Cros-selling

AI in returns
Product discovery to

INCREASE CROSS-

SELLING2



Fraud and abuse control require UX segmentation

AI in returns

Source: iF Returns (2025);

Dynamic return 

policies to

REDUCE ABUSE 

AND FRAUD
3

FRAUD AND ABUSE SOURCES IN FASHION

Example

Type Description Prevalence Risk to Brand

Wardrobing

Customer wears item once 

and returns (e.g., for social 

events)

Very High
High (lost margin, can’t 

resell as new)

Empty Box/Item Switch
Returns package with a 

different or no item inside
Medium-High Very High (direct fraud)

Fake Defect Claims

Claims product is defective 

to avoid return shipping or 

restocking fees

Medium Medium

Serial Returners

Frequent, habitual 

returners who cost more 

than they spend

High Medium

Stolen Product Returns

Attempt to return stolen or 

counterfeit goods for 

refund/store credit

Low-Medium Very High

Metric Premium and Luxury Fast fashion

Avg. Return Rate 25–35% 15–20%

Return Abuse Rate 

(est.)
5–10% of returns 2–4% of returns

Wardrobing Incidence ~20-30% ~10–12%

Cost per Abusive 

Return
$180–$450 $50–$100

IMPACT OF ABUSE

A luxury retailer with $1B in online GMV and a 30% return rate may lose $15M–$30M annually from return abuse. A best-in-class strategy integrates 
customer behavior analytics, item-level verification technologies, and policy differentiation, thus reducing abuse by up to 45% without damaging 
customer experience



Dynamic UX 
reduces 82% of 
fraud and abuse 

cases

AI in returns

Source: iF Returns (2025);

Dynamic return 

policies to

REDUCE ABUSE 

AND FRAUD
3

COMMON FLAGS:

• Purchase 
behavior

• Past return 

behavior
• Return reason 

selection
• Refund method 

selection

• Payment 
methods

• Cart composition 
(bracketing)

A

B

A1

A2

LOYAL

SERIAL 

RETURNER



23% of pick-ups fail and 83% of CS tickets are due to return issues

AI in returns

Source: iF Returns (2025);

Proactive CS to

REDUCE LOGISTIC 

ISSUES4



Proactive communication increases NPS and reduces ticket management

AI in returns

Source: iF Returns (2025);

Proactive CS to

REDUCE LOGISTIC 

ISSUES4

1. Send mail/SMS to client to inform about delay

2. Re-program pick-up with back-up carrier

3. Execute refund when package is in transit

AI DRIVEN PROTOCOLS

AI issue resolution

+10p.p. NPS of issues -65% Tickets 
managed

JOURNEY STATUSES



Agents offer differential data insights to take return process decisions

AI in returns

Source: iF Returns (2025);

Agent to

SPOT TRENDS5

We are going to launch a 2nd unit at 50% campaign next month coinciding 

with the launch of the summer collection. Which effect can this have on 

return rates and where can we expect the biggest changes?



Agents offer differential data insights to take return process decisions

AI in returns

Source: iF Returns (2025);

Agent to

SPOT TRENDS5

We are going to launch a 2nd unit at 50% campaign next month coinciding with the launch of the summer collection. 

Which effect can this have on return rates and where can we expect the biggest changes?

1. Increased Bracketing Behavior

Customers are likely to purchase more items (especially sizes or styles) to hit the discount 

threshold, then return the extra units. Expect more:

• “Ordered multiple sizes”

• “Didn’t need both”

• “Kept one, returned the second”

2. Impulse Purchases

The promotional urgency drives faster, less-considered purchases. This increases:

• Buyer’s remorse returns

• “Changed mind” as a top reason

3. Pair-Based Returns

Since the discount is tied to buying multiple units, customers returning one item of a discounted 

pair may trigger:

• Confusion over refund amounts

• CS tickets or disputes about “partial return” value

Area Change Notes

Apparel – Dresses & 

Tops
Spike

Most often bracketed for 

size/style

First-time buyers More returns
Less sizing familiarity, 

promo-driven buys

Return reasons: “Too 

large/Too small”
Surge

New collection + lack of 

fit data

Return timing Faster
More returns within 5–10 

days post-delivery

CS workload Increased

Higher volume of 

questions about “promo 
pricing and returns”

• Flag “promo pair” returns in the system to calculate adjusted refund values automatically.

• Highlight return terms during checkout to reduce confusion.

• Push exchanges or store credit as the first option in the return flow.

Return rates should stabilize post-campaign, but expect a higher-than-usual return volume 

throughout the 3-week window following launch.

WHERE TO EXPECT THE BIGGEST CHANGESKEY EFFECTS OF THE PROMOTION

OPERATIONAL RECOMMENDATION



Top performers reach +10p.p in net sales and 6p.p. in op. income by reducing refunds

Strategies from top performers

Source: iF Returns (2024);

100%

-15%

85%

-38%

-7%

40%

100%

-25%

75%

-34%

-7%

34%

Gross Sales

Refunds

Net Sales

COGS

Operating Costs

Operating income

Healthy P&L Unhealthy P&L

Refunds

COGS

Operating costs

+6p.p

+10p.p

P&L effect of healthy returns management (% of Gross Sales)



Source: iF  Returns (2024)

What should brands be thinking 
about?

Are we collecting the right data at every stage of the customer journey to 
fuel AI insights?

Have we built a centralized system to integrate returns data with purchase, 
sizing, and customer feedback?

Do we have automated workflows in place to identify and resolve return-
related issues at scale?

Is our UX adaptive enough to dynamically adjust based on customer 
behavior and fraud signals?

What safeguards are we implementing to identify and reduce return fraud 
or policy abuse?

Do we have clear KPIs to measure the impact of AI on reducing return rates 
and improving CX?

Going ahead

Returns are 

customer stories 

waiting to be 

understood…

AI helps you 

listen and act.



AI offers unlimited possibilities and 
depending on your client strategy you 

would go further or not with automations.

It is important not to lose client insights or 
contact, as comfortable as it may become.

Choose your automations wisely and make 
sure you are in control of the UX and client 

touchpoint.

One last message

Source: iF Returns (2025);

LINK

https://youtube.com/shorts/zRY_T-hBp74?si=wHRh3z7NqYk-FNP9


Transform ecommerce returns 
into your next big return on 
investment

Join Us!

STRICTLY CONFIDENTIAL // FOR INTERNAL PURPOSES ONLY

Contact us at:

www.ifreturns.com

sales.team@ifreturns.com

http://www.ifreturns.com/
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